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Ablation study

Supervised→unsupervised 
part attention training (e) 
works better than other 
sampling and supervision 
schemes.

SOTA performance

Quantitative & qualitative 
evaluation confirms the 
benefits of PARE over other 
single stage methods.Supervised → 

Unsupervised 
Part Attention

One-stage direct approaches (HMR/SPIN)
reason about the visibility of parts implicitly.

There’s a need for a direct, end2end-trainable method that’s aware of 
the visibility of parts in images. 
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Two-stage lifting approaches (NBF - Neural Body 
Fitting) discard rich information in raw images.  
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A small patch of occlusion in the input 
image can cause large error in the 
reconstructed bodies for one-stage 
direct methods e.g., HMR/SPIN.
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